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Abstract. In this paper, we analyze Weibull distribution based fitting using phase congruency components
obtained via color invariance approach. Since such model is found suitable for image quality evaluations, we test the
effects on different distorted images. Blind or no-reference image quality assessment enables testing without having
available subjective ratings. Thus, it is possible to consider additional type of distortions usually neglected in
available datasets through data augmentation artificial intelligence tools. The obtained results show that Weibull
based modelling using color invariance domain components may be suitable for further experimental analysis.
Moreover, data augmentation not used in the training phase, demonstrate the importance of development modern
quality evaluator that can be applied even for modified data obtained as a result of augmentation.

Keywords: Probability distribution, fitting, distortion types, image quality assessment, data augmentation.

Introduction. When comparing the effectiveness of different quality evaluations, three
approaches are considered, as well as appropriate fine tuning of the parameters. Namely, in
addition to subjective image quality assessment (IQA) and personal ratings, there are: full-
reference (FR), reduced-reference (RR) and non-reference (NR) evaluation approaches. FR
metrics for IQA are expected to give the most satisfying results compared to pristine or original
images named as reference [1, 2]. RR approach exploits the attributes of the reference images [3],
while the most valuable are NR ones [4, 5]. The purpose is to design a new method for automatic
quality assessment of digital images of various types using selected features and low complexity
model which do not rely on pristine image content. This is also called blind IQA since no prior
information about reference is available.

Recently, there are many blind IQA models and frameworks developed [4, 6-9]. One of the
most successful approaches is Naturalness Image Quality Evaluator (NIQE) based on natural
scene statistics (NSS) [4, 8]. High correlation with subjective ratings is obtained by block or
patch-wise estimations. Typical features are subtracted and contrast normalized (MSCN)
coefficients, where local activity is measured and only active patches are treated using Gaussian
based fitting. Some of the IQA metrics include supervised model based approaches [9]. Recently,
some of the novel unsupervised machine learning models are introduced [6-7]. In [6]
unsupervised blind IQA based on joint structure and NSS features, called JSN-NIQE, is
employed using thirty eight features per block and per scale (blocks of 96 x96 pixels and two
scales meaning additionally blocks of 48 x48 pixels size). Among MSCN and other statistical
features, phase congruency mapping is employed within NIQE-like framework. Such mapping is
applied for structural measurement in color invariance domain. Inspired by the results presented
in [6], such calculations are tested using different distortion types.

Materials and methods. One of the most applicable benchmarking datasets for IQA is
LIVE database [10] applied initially only for FR method development. Five different distortions
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can be found such the noise, two compressions, blurring and fading. Here, we compare JSN-
NIQE measurement results and Weibull fitting results for available distortions and additional
images not included in the dataset, but obtained through data augmented approach. Even though,
such data may or may not be considered as natural ones structural similarity exists, as well as of
importance to observe whether such data may be considered through color invariance domain
[11].

The color invariance is calculated using common RGB (Red-Green-Blue) color space,
leading to three components: C1=0.06%*R+0.63*G+0.27*B, (C>=0.3*R+0.04*G-0.35*B and
(3=0.34*R-0.6*G+0.17*B. These components represent the result of transforming color values
to the Gaussian color model in RGB terms [11]. The color invariance is expected to be robust to
material properties, as well as illumination change or any other similar imaging conditions.
Weibull fitting is employed for each component in order to observe the behavior of the
coefficients representing the local activity of image/patch. In [6] such color space is employed in
order to form the feature vector. Structure and attention methods enable to exploit gradient or
edge information. Discontinuity found within distorted images is expected to have a crucial
impact on subjective based evaluation. By color invariant domain, it is possible to evaluate
different types of edge strength while enabling robust content measurements regardless of object
reflectance, illumination, noise, highlights, shadows, and similar.

Figure 1 shows an example of pristine image and the three components. They can be
interpreted as edge strength measures in order to evaluate the image (or patch) content activity.

(c) (d)

Figure 1. Example of (a) pristine image, and (b)-(d) three color invariance domain components.

Nowadays, the generative Al (artificial intelligence) is applied for content creation.
Namely, models and libraries are developed for image generation. Data augmentation can be
described as the process of producing new data from available content, primarily for overcoming
data lack in learning phase. Even though, the augmented image content may produce biases in
the learning step. It can be applied for further experimenting with test images as well, in order to
analyze how possible random changes may affect the model, like in the case of quality
assessment. There are many ways to perform data augmentation. Some of the typical examples
are: by changing brightness, contrast, saturation, color spaces, by adding noise, or cropping,
scaling, flipping, translation, rotation, etc. Currently, there are different tools that can be used for
enabling data diversity [12]. Some of the Python libraries have been especially designed for this

256



Hecsimas Meoxcoynapoonas nayuno-npakmuueckas kongepenyus «BIG DATA and Advanced Analytics. BIG DATA
U ananu3 8vlcoxoeo yposuay, Munck, Pecnyonuxa benapyco, 13 mapma 2024 200a

task, like: Albumantations [13], Augmentor [14], Imgaug3 [15], Keras ImageDataGenerator [16]
or some other similar tool. In the absence of available subjective scores intended for supervised
machine learning evaluations, it is valuable to observe what the effects are obtained using novel
generated data. Here, this is done for JSN-NIQE [6] and Weibull color invariance components.
For defining data augmentation Albumantations library [13] is applied. In this paper, pipeline
consists of horizontal flip and a random selection of brightness and contrast selection using [13].

Results. In order to quantify the differences obtained with augmented data compared to
pristine and originally distorted image [12], the selected pipeline is applied primarily to generate
additional image data. Depending on the distorted image type, local activity throughout content
is changing, which also affects the patch-wise results used in blind measurements. In Figure 2
Jpeg compression distorted image and Fast fading based distorted image are processed with the
pipeline for obtaining Data augmentation 1 and Data augmentation 2 samples, respectively.
Moreover, obvious discontinuities are presented in the color invariant domain.

Figure 2. (a) Jpeg distorted image and corresponding (b) result of data augmentation and (c) C1
component; (d) Fast fading (ff) based distorted image and corresponding (e) result of data
augmentation and (f) C2 component.

Phase congruency is used to map relevant discontinuities as dimensionless measure. For
each color invariant component, histogram of obtained coefficients is approximated using two-
parameter Weibull distribution. The two parameters are noted as a and b, representing scale and
shape, respectively. In the case of jpeg compression distortion, for an image produced by
augmentation fitting is performed globally here, and the comparison between components is
presented in Figure 3.
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Figure 3. Fitting for (a) Ci, (b) Cz, and (c) C3 component, and (d) comparison between the curves.

Table 1 shows the relative differences for the two parameters ( 4 a, A b) in Data
augmentation 1 for jpeg distorted images used as a source. The relative differences are calculated
in terms of pristine image, showing C, component as the most robust here. On the other hand,
absolute shape difference (bayy) found between source and augmented version is less than
difference calculated for the scale parameter, aais.

Table 1. Percentage of Weibull distribution parameter variations in Data augmentation 1 (jpeg)

Component Aa [%] Ab [%] adif [%o] bayy [%0]
Ci -24.5 -12.2 25.8 3.9
C> -2.5 0.1 2.5 -0.8
Cs 13.6 5.1 -27.1 -5.2

Table 2 shows the percentage of Weibull distribution parameter variations found in Data

augmentation 2, where fast fading (ff) distorted image is treated as a source. Higher variations
for fading are found expressed as the relative differences in terms of pristine reference.
Nevertheless, the ff parameters are, in general, less affected compared to the jpeg distorted

source.

Table 2. Percentage of Weibull distribution parameter variations in Data augmentation 2 (ff)

Component Aa [%] Ab [%] adif [%o] bayy [%0]
Ci 32.5 26.4 -0.6 0.4
C> 62.9 333 2.5 0.9
Cs 110 35.1 0.0 -0.2

Having in mind other features, like the NSS based ones, and JSN-NIQE measure, a

comparison between measurements is given in Table 3. Distortion effects are evident in both
distorted and augmentation cases. It is shown that unsupervised quality evaluation based on

258



Hecsimas Meoxcoynapoonas nayuno-npakmuueckas kongepenyus «BIG DATA and Advanced Analytics. BIG DATA
U ananu3 8vlcoxoeo yposuay, Munck, Pecnyonuxa benapyco, 13 mapma 2024 200a

augmented data may have different impact based on distortion type used as a source. Here, a
decrease in score is obtained in the jpeg case, and metric increase for the fading.

Table 3. Unsupervised quality evaluation based on augmented data and distortion type.

Data Score Relative difference [%]
Original 4.3 /
Distorted 1 (jpeg) 15.8 267
Distorted 2 (ff) 12.9 200
Data augmentation 1 (jpeg) 15.5 260
Data augmentation 2 (ff) 13.2 207

In Figure 4 Weibull parameters are compared for both source distorted images and
augmentation data. The parameters are found while distribution fitting for images, and are
calculated globally, not for patches as in JSN-NIQE. It is illustrated that some of the parameters
may perform weaker grouping, leading to more sparse clusters after the augmentation.
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Figure 4. Weibull parameters comparison for jpeg and fast fading (ff) in the case of source
and augmented data.

Conclusions. In this paper we analyze an unsupervised metric, and modification of
Weibull parameters when applying a simple data augmentation procedure. Depending on the
distortion source image, color invariant components are affected in different ways.

Weibull distribution is shown to be adequate for modelling task for each of the component.
Even though, it should be noted that the fitting may not be suitable in some cases, like when the
amount of distortion is extremely high. The estimation of Weibull parameters in each of the
color invariant components represent an efficient and blind insight into existing distortions, and
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seem to be valuable for further experimental analysis. It is expected that augmented data for big
data tasks may be estimated in the similar manner.
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INOBEAEHUE MOJEJIN HA OCHOBE PACHIPEIEJIEHUSA BEF!BYJIJIA B
IOBETOBO-UHBAPUAHTHOM IMPOCTPAHCTBE IS CJEIIOU OHEHKHA
KAUYECTBA U30BPAKEHUI

A.M. I'agpoecka A.B. Camuosuh M. /lyjxosuh
Lloyeum xagheopwvr menexommynuxayu Ilpogpeccop ungopmayuonnvix u  Menedocep benepaockoeo

benepaockoeo ynusepcumema - KOMMYHUKAYUOHHBIX VHUepcumema -
Onexmpomexnuuecku axyromem, mexnonozutl berepadckozo Onexmpomexuuuecku
Cepbus, 0okmop Hayk, yHugepcumema - Paxynvmem Daxynomem, Cepbus,

MPAHCROpma 1 MpaHCROMHOU Kanouoam Hayx,

unocenepuu, Cepbus, 0okmop
HayK,

O.U. I'onyo B.B. Cmaposoitmog
Cmapuwiuii Hayurbvlll COMPYOHUK, I’nasnwiil Hayuusiti compyOHUK
Obvedunennblil uHcmumym npoonem Ob0vbeduHenH020 UHCMUMyma
ungopmamuru Hayuonanvnou npobaem ungopmamuxu
axademuu Hayk benapycu (OUIIN Hayuonanvnoti akademuu nayx
HAH), xanoudam mexnuyeckux Hayx, FBenapycu, doxmop mexnuuecxux
Hayk, npogheccop,

AHHOTauusl. B 3T0il cTarbe MBI aHAIU3UPYEM aNMPOKCUMALMIO HA OCHOBE pPACHPEICICHHS
Belibynna ¢ ucmosip30BaHHEM KOMIIOHEHTOB (ha30BOM KOHTPYIHTHOCTH, MOJIYYEHHBIX C IHOMOILIBIO
MOAX0Jla IIBETOBOW MHBapHaHTHOCTH. IlockonbKy Takas MOJE€Nb MPU3HAHA MOAXOAIIEH ISl OLICHKH
KayecTBa M300paKeHUs, Mbl TIPOBEPSIEM €€ BIMSHUE Ha Pa3lIMuHble HCKaXEHHbIE M300pakeHus. Crenas
OLIGHKA Ka4yecTBa M300pakeHUs! WK 0€3 3TAJIOHHOTO M300pa)keHHsI 03BOJISIET MPOBOAUTH TECTUPOBAHUE
0e3 Hamu4us CY6T>CKTI/IBHI>IX OILICHOK. Taxkum O6p330M, MOXHO YYUTBIBATH ZIOHOHHI/ITGHBHI)II‘/'I THIT
WCKaKEHHUH, OOBIYHO HWTHOPHPYEMBIX B JOCTYIHBIX HAa0Opax [aHHBIX, C TOMOIIBI0 WHCTPYMEHTOB
HCKYCCTBEHHOTO HMHTEJJIEKTa IJISl YBEJIWYEHHUS NaHHbIX. [loiydeHHBIE pe3ysbTaTbl MOKa3bIBAIOT, YTO
MOJIETMPOBaHHE Ha OCHOBe BeliOymia ¢ HWCIONB30BaHHMEM KOMIIOHEHTOB OOJacTH I[BETOBOM
HWHBApHUAHTHOCTU MOXKET OBITh MMPUTOOHBIM IJIA aaaneﬁmero OKCIICPUMECHTAJIbHOTO aHAJIn34a. bonee TOTO,
MIOIIOJTHEHUE JAHHBIX, HE HCHOJb3yeMOE Ha 3Tane oOydueHHs, OEMOHCTPUPYET Ba)KHOCTh Pa3pabOTKH
COBPEMEHHOT'O OLCHIIMKA Ka4yeCTBa, KOTOPHIM MOXXHO NPHUMEHSTHh Jake A MOAU(PHUIUPOBAHHBIX
JaHHBIX, MTOJIYYCHHBIX B PE3YJIbTATC IIOIMOJIHCHUA.

KaroueBsblie cioBa: Pacnipenenenue BeposTHOCTEH, ammpoOKCUMAalUs, TUIBI MCKAKEHUM, OIlEHKa
Ka4ecTBa N300pa’KeHMs, YBEIINUCHUE JaHHBIX.
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